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B MoHOrpauu M3NoxKeHbl 6a30BBIC MOHATHS, PE3yJIbTaThl H AITOPUTMBI JIOTHKO-BEPOATHOCTHOTO
BBIBOJIA, OTHOCAIIMECH K GaiiecoBckuM ceTsam nosepus (BCJI), onmcanHbIM Jx. TTepnom, u anrebpanye-
ckum 6Gaitecobckum ceTsm (ABC), sBenennbiM B. U. Toponenxum. O6e napagurMbl HCXOAAT H3 JCKOM-
MO3MIMK 3HAaHUH KcrepToB Ha dparmenTst: B BCJI dpparmeHT 3HaHKi MOJENMPYETCS TCH30POM yCIIO0B-
HBIX BeposTHocTeil, a B ABC — coBmecTHBIX. HecMOTpA Ha TO 4TO 3TO JIHIIE BBEACHUC B obnacte Hc-
clleoBaHMii 6aifeCOBCKUX ceTeil, MOHOTpadHs MOXET MOCIYXHTh HCTOYHHKOM JUIA TEM MPAKTHHECKHX
3aHATHI, 1a60PaTOPHBIX, KYPCOBBIX M JIMILIOMHBIX paboT M0 HanpaBieHHAM Maremaruka, [Ipuknaasas
martemarnka, MHpopmaTuka, [IporpaMmupoBanue, MHTEIUIEKTyanbHbIE CHCTEMEI, HcKyCcCTBEHHBIN HH-
TemnekT U Ap. He MCKITIOYEHO, YTO KHUra CTaHeT OTIPAaBHOMH TOYKOM JUIA MaruCTPaHTOB M aCNMPaHTOB
COOTBETCTBYIOIIMX CTIEUMANBHOCTEH B BEIOOPE TEMATHKH, Lieyel ¥ 3a/1a4 UX AMCCEPTALHOHHBIX pabor.

PeuneH3eHTHI:

A-p bu3.-mar. Hayk, npod. H. B. XOBAHOB,
I-p ¢u3.-mar. Hayk, nou. B. B. KAPIOKHH

TulupyevA.L., NikolenkoS.I, SirotkinA.V. Bayesian Networks: A Probabi-
listic Logic Approach. — St. Petersburg: Nauka, 2006. — 607 p.

The book is devoted to the rapidly developing field of soft computing, namely Bayesian networks
as a model for representing knowledge pattern bases with probabilistic uncertainty. We introduce two
main paradigms: J. Pearl’s Bayesian belief networks (BBN) and V. I. Gorodetski’s algebraic Bayesian
networks (ABN). Both apparata are based on decomposing the experts’ knowledge into patterns: BBNs
model a knowledge pattern with conditional probabilities, ABNs do it with joint probabilities. We de-
scribe in detail the basic notions and results of both theories and compare them (in particular, we show
that ABN has more expressive power than BBN because it allows for interval estimated on probabili-
tics). We give algorithms of consistency checking, a priori and a posteriori inference in ABN and BBN,
probabilistic semantics of knowledge patterns and their collections, and treat some of the earlier un-
solved problems, such as the semantics of an isolated directed cycle in BBN (done by embedding the
BBN calculus into ABN).
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